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Driver abnormal behavior detection and early warning system
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[Abstract] To ensure the safety of drivers and reduce the incidence of traffic accidents, real—time detection of abnormal
in—vehicle behaviors of drivers is of great significance. This paper investigates a detection and warning system for drivers'
abnormal behaviors. Firstly, the system identifies the key points of the driver's facial features and head posture angles using
an on—board camera. Then, based on the PER CLOS concept, thresholds are set for the detection of abnormal behaviors
in different parts of the driver. Subsequently, a frequency analysis method is employed to classify the degree of driver
fatigue into mild, moderate, and severe levels, with corresponding warnings issued to achieve real—time detection and
alerting of abnormal driver behaviors. Experimental results demonstrate that this method can be used for the real—time
detection of drivers' abnormal behaviors and the timely issuance of warnings.
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