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Research on image generation technology based on Diffusion model
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[Abstract] Image generation technology is a subdivision of artificial intelligence technology. Traditional image
generation techniques mainly use generative adversarial networks to generate images that approximate the real
world through a large number of adversarial training. However, with the growth of computing power, diffusion
models are increasingly used for image generation. The diffusion model generates images through forward and

reverse diffusion, and has richer ability to express details. It is also the main research direction in the field of

image generation technology in the future.
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