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Implementation of a Curiosity Mechanism Based on Confidence Curvature Exploration
Yafei Liu
Oba International Trade Beijing Co., Ltd

[Abstract] This paper proposes a medical imaging decision—making algorithm based on confidence curvature
exploration, which effectively identifies lesion features in low—resolution images through a weighted confidence
hierarchical system and a curvature—driven dynamic exploration mechanism. The algorithm first normalizes
various feature parameters, calculates their Gaussian confidence relative to typical lesion standard values, and
conducts preliminary evaluation via weighted comprehensive scoring. It further introduces a "curiosity
mechanism" that dynamically searches for regions with maximum curvature in the feature space to optimize the
sensitivity of confidence assessment. The paper redesigns the curvature excitation function and loss function
based on Gaussian kernel functions, providing a more stable and efficient convergence mechanism.
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