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[Abstract] In recent years, academic research in traffic forecasting has gained significant momentum. While
most studies have focused on short—term traffic prediction with promising outcomes, long—term traftic
forecasting—which holds greater practical value in real—world scenarios—still faces two critical challenges.
Firstly, existing methods predominantly concentrate on capturing dependencies and correlations within
short—term historical data, exhibiting markedly diminished performance when tackling long—term
spatio—temporal prediction tasks, thereby highlighting their limited scalability. Secondly, most approaches place
excessive emphasis on modelling temporal information while neglecting the crucial spatial—geographical
information within transport networks, making it difficult to comprehensively characterise the spatio—temporal
evolution patterns of traffic flows. To address these challenges, this paper proposes MiNiformer, a traffic
forecasting method based on the Transformer architecture. Its core component is the specially designed spatial
feature extractor, Mixer—Adapter, which effectively enables MiNiformer to efficiently extract and deeply
integrate spatial features. Experimental results demonstrate that by fully leveraging spatial information and
long—term dependencies, MilNiformer exhibits robust long—term feature extraction capabilities, achieving
outstanding performance in both short—term and long—term forecasting scenarios.
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