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[Abstract] The release and implementation of the &quot;Good Practice for Pharmacovigilance Management&quot;
in 2021 marked the transition of China&#039;s pharmacovigilance system from top—level design to practical
application. Signal detection is crucial in drug risk management. This article delves into signal detection,
emphasizing that regulatory requirements mandate registrants to select methods based on product characteristics,
including both traditional and data mining approaches. By comparing various methods from multiple
dimensions, such as applicable scenarios, ease of use, sensitivity and specificity, and consistency, the article
highlights their respective advantages and disadvantages. It stresses that there is no unified standard for signal
detection, and a combination of diverse methods should be used. Positive results must be rigorously evaluated to
strengthen the theoretical and practical foundations of the pharmacovigilance system and ensure patient
medication safety.
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