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[Abstract] By analyzing the monitoring data from road bayonet in the city, we can find deck vehicles efficiently. This
paper shows the methods of analysing deck vehicles by using different components to set up a big data platform. We
use the Kafka components as a real-time computing data source and the Spark Streaming components as a stream computing
engine, as well as the Redis components as a store for rapid analysis respectively. Furthermore, we have introduced
many sets of hardware computing resources to test data of deck vehicles under mass data processings, which significantly
improves the computing performance and possibility of the deck vehicles being detected and identified.
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