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Table 1 Comparison of prediction performance between

base learners and stacking ensemble models

Model / Meta—learner R’ MAE
LightGBM 0.625 0. 566
CatBoost 0.632 0. 559
XGBoost 0. 607 0. 582

Neural Network 0.519 0. 658
Stacking (Ridge) 0.6347 0. 5575
Stacking (SVR) 0.6346 0.5573
Stacking (GBDT) 0.6531 0. 5450
Stacking (MLP) 0.6242 0. 5694
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