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A student behavior dataset for real classrooms
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[Abstract] To address the limitations of small scale and single perspective in existing classroom behavior datasets,
this paper constructs a large—scale student behavior dataset derived from real university classrooms. The dataset
contains 2,282 high—resolution images and 133,586 annotated instances, with an average of 58.54 targets per
image, and defines 10 fine—grained behavior categories. A human—in—the—loop annotation framework,
including YOLO—based pre—annotation, manual refinement, and dual quality inspection, is adopted to ensure
high annotation consistency (Kappa = 0.85). Experimental results based on YOLOvV8 demonstrate that the
model outperforms existing datasets in terms of Precision and Recall, showing stronger generalization ability
under complex lighting and heavy occlusion. The proposed dataset provides reliable support for research in
smart education.
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