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[Abstract] Objective: To develop personalized exercise prescriptions for emergency cardiovascular disease (CVD)
patients using deep learning techniques.Methods:A personalized exercise prescription was generated through a
three—dimensional health assessment method. A deep learning model was created using a combination of CNN
and RNN. A total of 200 emergency CVD patients were randomly divided into an experimental group and a
control group. The experiment lasted for 12 weeks, with evaluations conducted every 4 weeks. Results:After
training the deep learning model, the classification accuracy for exercise prescription information reached 88.5%

The experimental group showed slight advantages in key metrics such as heart rate, systolic blood pressure,
6—minute walk test (6MWT), and VO: Max, with more significant improvements in systolic blood pressure

and heart rate.Conclusion:Personalized exercise prescriptions generated by deep learning can effectively improve

cardiovascular function, exercise endurance, and compliance in emergency CVD patients.
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