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Research on big data cluster construction and optimization strategy based on Hadoop
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[Abstract] This paper aims to discuss the construction and optimization strategy of big data cluster based on
Hadoop. By explaining the architecture and principle of Hadoop distributed File System (HDES) and
MapReduce computing framework, combined with the actual application scenarios, we proposed a set of
efficient big data cluster construction scheme and optimization strategy. Through theoretical analysis and
experimental verification, we prove the effectiveness of the proposed optimization strategy in improving the

efficiency and stability of big data cluster processing, and provide a valuable reference for practitioners and

researchers in the field of big data processing.
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