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Research on Complex Road Surface Leaf Detection Based on YOLO Model
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[Abstract] With the acceleration of urbanization and the continuous expansion of urban green areas, leaf
removal has become an important and tedious task in urban management. The traditional manual cleaning
method is not only inefficient, but also has safety hazards, which cannot meet the needs of modern urban
management. Therefore, developing an efficient and accurate leaf fall detection algorithm is of great significance
for improving leaf fall cleaning efficiency and reducing labor costs. This article proposes a complex road leaf
detection algorithm based on deep learning, which is improved on the YOLOv3 object detection model. By
optimizing clustering algorithms, improving activation functions, and introducing non maximum fusion
algorithms, the accuracy and real—time performance of leaf detection are improved. The experimental results

show that the algorithm proposed in this paper has achieved significant results in the task of detecting fallen

leaves on complex road surfaces.
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