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A Review of Deep Learning—Based Vehicle Object Detection Algorithms
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[Abstract] In recent years, with the rapid development of artificial intelligence technology, many car companies
and Internet companies are jointly committed to the development of intelligent autonomous driving systems. In
the field of intelligent driving, the vehicle target identification technology belongs to the key core technology
category. The current situation is that the traditional mode of target recognition algorithm cannot meet the
requirements of real—time identification, which limits its extensive deployment in real self—driving application
scenarios. In contrast, the target recognition algorithm built on deep learning is more suitable for the needs of
such applications, and has won the mainstream recognition in the industry. The paper begins with a review of
the classical target recognition methods, then expounds several popular vehicle recognition algorithms, divided

into two stages and single—stage methods, and analyzes their architecture and their respective length, and finally

puts forward a prediction of the future research trend of this technology.
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