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[Abstract] To address the challenges of digital implementation in the safety and environmental protection (EHS)
sector within steel companies, including lack of information transparency, delayed transmission, difficulties in
data analysis, and the complexities faced by business personnel in understanding analytical results, this paper
introduces large language models equipped with deep understanding and application capabilities in safety and
environmental knowledge. These models provide accurate and professional information and propose solutions
to complex problems. However, large models face several issues such as insufficient explainability, poor
timeliness of knowledge, and the generation of false information. Knowledge graphs, as structured knowledge
models, offer authenticity and reliability, thereby enhancing the explanatory and inferential capabilities of large
models. By leveraging the strengths of both, this paper discusses various approaches for enhancing large models
with knowledge graphs, providing insights for the digital advancement in the EHS sector.
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