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[Abstract] This paper focuses on the research and design of Gomoku Al algorithm,the traditional Gomoku Al
algorithm is mainly based on search and rule method,although this method can solve the problem to a certain
extent, but in the practical application there are inefficient, vulnerable to limitations and difficult to expand
and other problems. In recent years, the development of reinforcement learning technology has provided new
ideas and methods for the research and application of Gomoku Al. This paper designs a Gomoku Al model
based on reinforcement learning, which uses Convolution Neural Network and Monte Carlo Tree Search for
training and prediction. Specifically, the model uses the distribution of pieces on both sides as input to predict
the score of the next drop position and make decisions based on the score. The system can learn the rules of
chess games from a large amount of data, and has a strong generalization ability, can deal with complex chess
games and different opponents.
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