Advances in Computer and Autonomous Intelligence Research

RS B =BT R
FI3LOH 1 eMA 1.002025 4
ERM: RIS (ISSND: 2972-4236(P) / 2972-4244(0)

HF BRSBTS RER D5 4

L EZXL
RS
DOI:10.12238/acair.v3i1.11931

i E] AMABEFIERBRETASELEDIHBARRA T LZBAZ LRGP E A THEEER
BERZIFY RGN ERT FATT R IEE T 20K EMAT R, BAEGHERAT R
FoEERERARARATHHRBEEWE s, LA BIRTHTEHARAHIBABRFGLLEIZ
B 345 8RR A WA W FLAL; U A it W A 1 D 946 4 B8 5 £ ISTD+
FoSRDASBE LT T ik 25 R AV L AREE T SAL ) YL h o sk R AR IR T B8 24t
Fo B RELHE

[RER] mErr; AR, RESXT; HICEATE; R2HI R

FESEE: U285.17 XHIFRIRAL: A

Shadow removal method based on dynamic brightness and receptive field expansion
Bowen Wu  Shengya Wang
Nanjing Audit University

[Abstract] In order to solve the problem of poor image quality and insufficient information caused by shadow
coverage in some areas of the image, a shadow removal method based on dynamic brightness adjustment and
receptive field expansion was studied, and an end—to—end deep network design strategy was proposed. Firstly,
by combining dynamic range expansion and brightness adjustment techniques, the clarity and accuracy of
shadow areas have been improved; Secondly, by using receptive field extension technology, global information
in the image can be captured to solve the problems of insufficient local information and shadow boundary
artifacts; Finally, the shadow removed image was obtained through output projection and validated on the
ISTD+and SRD datasets. The results showed significant improvements compared to other shadow removal
methods, preserving key details and natural textures of the image.
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