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[Abstract] Due to signal interference, aging equipment, and other factors, detected images may be contaminated
by various types of noise. Failure to effectively denoise the image will compromise the accuracy of subsequent
recognition. To tackle this issue, an enhanced MobileNetV2 network structure is proposed in this paper. This
structure incorporates the ECA module to rebuild the original block module, thereby enhancing MobileNetV2's
feature learning capability. As a result, it can effectively detect various noise types, achieving a 1.82%
improvement in detection accuracy compared to the original MobileNetV2. Furthermore, utilizing the
self—built anomaly image dataset, various enhanced networks were visualized via the Grad—CAM algorithm.

The study revealed that deeper network levels facilitated the acquisition of more sophisticated feature

representation capabilities.
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