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Research on Decision—making of Offloading Edge Computing Tasks Based on DDPG
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[Abstract] With the continuous development of communication technology, the massive amount of mobile
application data poses great challenges to existing service devices. Edge computing, as a new computing
paradigm, can effectively deal with this challenge. This paper focuses on the problem of task offloading in edge
computing, and establishes a multi—user multi—server MEC environment, considering the case of task
divisibility and taking into account both task delay and energy consumption. The weighted sum of minimizing
delay and energy consumption is proposed as the optimization objective, and a task offloading algorithm based
on DDPG is proposed. A series of simulation results show that compared with The baseline algorithm, the
algorithm proposed in this study can effectively reduce both delay and energy consumption.
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