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Research progress of radiomics and deep learning in predicting lymph node metastasis in
gastric cancer
Bin Zhao Jinglin Liu  Shuangyan Xu Zhendong Cao’
Affiliated Hospital of Chengde Medical University
[Abstract] Gastric cancer is one of the most common malignant tumors, and lymph node status plays an
important role in the clinical stage, treatment decision and prognosis of gastric cancer. Radiomics and deep
learning technology can predict the biological behavior of tumors by extracting radiomics features with high
throughput, which is reproducible, non—invasive and objective, and has been widely used in the diagnosis of
gastric cancer, lymph node metastasis and prognosis evaluation. In this paper, the research progress of radiomics
and deep learning technology based on CT, MRI and PET/CT in predicting lymph node metastasis of gastric
cancer is reviewed, in order to provide new ideas for clinical individualized precision medicine.
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